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Introduction 
Organizations are now dealing with bigger amounts of data than before. Companies now use data in different aspects to promote the purposes of the organization. Companies are relying on data variety, veracity, volume, and value in uncovering some patterns which may not have been foreseen. Data is also important in developing insights for the company in terms of their customers, the potential markets as well as business environments. The need for big data in organizations has led to various data management issues. the data collected may not be entirely useful to the company or an organization. There is a need for cleaning data through the data washing machine to ensure the remaining data is useful to the organization based on the intended purposes of data collection. Data can be collected through various techniques which may include questionnaires, interviews, and surveys (Krishnan, Haas, Franklin, & Wu, 2016). Cleaning this data requires a well-established framework that would help in identifying the useful and useless data. The cleaning framework can be applied in the DWM survey results to help in analyzing the data.
Organizations that are dealing with large amounts of data in day-to-day activities have resolved into establishing the position of the chief data officer. This has helped in solving the problem of who is responsible for managing big amounts of data within the organization. The analytical opportunities presented by the data within the company require the establishment of the data specialist role. The specialist can have the responsibility of dealing with the data in different aspects and the different uses the data may have to the organization (Griffin, 2018). As many companies struggle to manage data at the enterprise level, the companies with a data management specialist have an added advantage in terms of financial performance compared to their competitors. Organizations without the chief data officer have opted for an equivalent to help in handling all the cases involving data within the organization (Lee, et al, 2014).
Literature review 
Previous research has explained some of the main ways through which organizations can effectively utilize the position of a data specialist in improving their performance. Data collected represent various aspects of an organization which without proper data analysis would be easy to identify within the organization (Krishnan, Haas, Franklin, & Wu, 2016). Data cleaning is a crucial process after the collection of data which helps in improving the quality of data available for collection. The open statement DWM survey results data can be analyzed through a simple framework which helps in identifying the various items in the research question. a simple framework can be used in analyzing the data for ease of presentation. Various methods are used in analyzing the data and presenting it in an understandable form for the general members of the organization (Mason, 2019).
The data analysis process for any company requires a specialist to carry out all the steps involved in the data cleaning process. big organizations which rely on big volumes of data need accuracy in their data reporting which makes it crucial for the process to be carried out by a data specialist. A specialist can help in providing advanced data analytics for the organization (Lee, et al, 2014). A cubic framework can be applied in any company which deals with large data issues. the cubic framework applies various dimensions which are key to the role of data specialist within the organization. the organization can identify the ways through which collaboration among different internal units of the organization can be promoted. In most organizations where the role of the chief data officer has been established, a member of the management team is often chosen to fill the position (Griffin, 2018). This means the individual can provide useful insights base on the available data to help in decision-making and policy formulation. The individual can participate in various aspects including coordination of data, reporting as well as analyzing it. 
Data analysis framework for DWM survey results  
 A well-established process of analyzing the survey data is important in improving data reliability. Survey results are collected from different respondents whose answers may greatly differ. Surveys may use different questions related to different aspects of an organization and use different methods in answering them. the answers of the respondents need a clear analysis method that can be used in identifying the various factors on which the survey is based (Irwin, 2018).
Step 1: identifying the measurement levels of the survey 
Analyzing the survey data requires an understanding of the measurement levels included in the collection of the data. The measurement levels help in identifying the suitable statistical analysis for the data collected in the survey. There are different levels of measurement which can be identified from the survey results including a nominal scale, an ordinal scale as well as an interval scale. A nominal scale is used in collecting data that may not have a quantitative value such as brand types, customer preferences, or teams. This data can be identified by asking customers to choose from a list of items. On a nominal scale, the data is collected based on how many respondents selected a given item. An ordinal scale is used with data that has an order of values (Irwin, 2018). The data can be the number of items one has transacted with a given company. The data collected through this research can be analyzed through the use of mean, median, and mode as well as the use of cross-tabulation in the analysis of the data. An interval scale can also be used in the survey results in collecting data from respondents. Data entries in the interval scale are collected within a given range such as strongly agree, agree, disagree, and strongly disagree. All these entries are assigned a given value between 1 to 4 which corresponds to the entry which the respondent selected during the survey (Mason, 2019).
Step 2:  Segmentation of survey questions
After identifying the different measurement levels used in the collection of the survey data, a segmentation of the research questions used in the collection of the data can be applied. The survey questions which overarch based on a given factor. This can include the segmentation of questions asking for customer rating on the survey brand and the possible recommendation of the brand or product to others. This is a crucial process in identifying and grouping data that answers questions that are relevant to the goal of the survey.
Step 3: analysis of the quantitative data 
After identifying the different questions which align with the goal of the survey, the data collected from answering these questions can be analyzed. Quantitative data includes numerical values and can easily be used in drawing conclusions or analyzing trends on different factors. Some close-ended questions can also be changed into values and analyzed as quantitative data. Data can be compared based on how many respondents selected a given response from a list of items. Responses can also be assigned to values such as from 1-4 when rating the brand. Analyzing the trends in responses obtained through the quantitative survey data can be used in identifying the possible trends in behavior. The quantitative data is analyzed before the qualitative data as it gives useful tips which can help in understanding the qualitative survey data. Some qualitative factors may include positive and negative reviews on the brand of a company. The quantitative data can represent the percentages of responses which can identify the reasons behind the differences in product review (Mason, 2019).
Step 4: segmentation of results through cross-tabulation 
The results of the data analysis can be further cross-tabulated to group the responses into different variables. The cross-tabulation allows the grouping of data based on various variables. Data can be cross-tabulated based on the respondent’s location and the preferred brand. The cross-tabulation allows the grouping of data for comparison based on the identified variables. The relationship between the different variables can be easily identified. The cross-tabulation also results in different variables in one chart where the results of the survey can be narrowed down to small groups which present specific factors (Irwin, 2018).
Step 5: Derive the statistical significance 
The statistical significance of each set of variables is identified. Based on the study goals and objectives, the significance of each value from the results can be established. For instance, the survey results would indicate the percentage of respondents who willing to recommend the product to others. The survey results can also identify differences in responses for previous customers and non-customers. The data can also be used in identifying the percentage of responses on the brand based on region or country. Correlations can be calculated through software such as the SPSS to identify relationships between variables (Mason, 2019) The value that corresponds to the correlation statistical significance is important to the business.
Step 6: Results comparison
The results of the previous research are compared with the current results. The differences can also be used in comparing past performances with the current ones. Since the survey results may be compared based on the percentage of respondents willing to recommend the product to other buyers. These results can help in providing useful insights about the organization (Irwin, 2018).
Step 7: present the data 
Various methods can be used in presenting the useful data results after analysis using the framework. Charts and graphs are used in presenting data that may have different variables. More data may be represented through tabulation.
The cubic framework 
The cubic framework can be used in helping organizations such as Tesla. The cubic framework explains three dimensions through which a data specialist in Tesla can classify data and use it in making various decisions. The various axes of the cube represent the different dimensions in which data can be classified.
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Three dimensions 
The cubic framework provides three dimensions for basing the decision-making using the available data. The dimensions include the internal and external factor dimension, the strategy vs the product dimension as well as the data dimension involving the traditional data and new data. Data can be evaluated from these dimensions to help in making decisions within the organization (Lee, et al, 2014).
the data can be classified as external or internal data based on the various stakeholders involved. The internal factors include the processes within the organization such as technological factors while the external factors include factors such as customers, suppliers as well as the force of the government. All the factors can be evaluated based on which has the most influence on the organizational operations. Understanding these dimensions can help in making decisions that help in improving their processes.
The traditional data can also compare with the newly collected data. The traditional data gives insights on the organization based on its goals, objectives as well as strengths and weaknesses of the organization. from the dimension of traditional data, decisions are made based on how the company has performed previously. the new data presents the opportunities that the organization may face in the market based on the new data collected. The trends in the market and consumer behavior for products from a company like Tesla would be represented in the new big data. The organization can decide on make decisions based on the traditional data which explains the capabilities of the organization or the new data which presents the new market opportunities the company can exploit (Lee, et al, 2014).
There is also a dimension of strategy against the company strategy. Data on organizational strategy can provide information on the available opportunities to improve the product performance in the market. the specialist can investigate data to identify the possible opportunities for strategy improvement. Data on the product on the other hand presents the available opportunities of improving the productivity of the organization. with the presence of a chief data officer or a data, the specialist can compare the different factors to identify which represents better opportunities than the other. 
The eight corners of the cube represent the various ways an organization like Tesla can use in making decisions (Griffin, 2018). The data results from interpretation through chief data specialists can be used in various ways. These include;
· Reporting. The data presents information about the general overview of the company. 
· Coordination of activities can be carried out and prioritized based on the available data. 
· Planning for the future also uses the data based on the evaluations through the different dimensions.
· The data also presents an opportunity for performing further analysis on organizational factors
· The data can be referred to when performing future experiments
· The data can also be used in marketing the company based on its performances and opportunities.
· The data can also represent the organization in different lists and act as a way of improving trustworthiness and attracting customers and investors 
· The data is also used in development in different aspects such as the product or the company’s strategy. 
Conclusion 
	The need and uses of data in big companies have increased over time. The validity of the data however serves as a major factor in determining the usefulness of the data. The companies dealing with large amounts of data have opted for a specialist who serves as the chief data officer in the organization. the individual plays various roles dealing with the data from its collection to its presentation. The specialist can choose a special strategy for analyzing the data collected in order to promote the intended goals of the organization. the framework presents various methods of grouping data, arranging it as well as establishing relationships between values. Organizations that deal with large quantities of data like Tesla can use the cubic framework in decision making. A CDO can analyze the data based on different dimensions according to the axes. The interpretation of the data can be used in identifying various opportunities to exploit, areas of improvement as well as possible strategies for better performance. the Cubic Framework to an organization of your choice (Lee, et al, 2014).
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